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Combination of data from
different organizations(e.g. 
municipal, health care 
insurance, schools, banks)

For privacy reasons, data was 
deleted afterwards

No criminal charges were
pursued, it was treated as an
experiment

Many instances of ‘small 
fraud’, make up a large 
amount

Administrations of public and
private organizations’ were
often not of sufficient quality



Data e.g. (real-time) sensor data may
provide new insights for policy making

This may also require new methods for 
data analysis, such as machine learning

Challenges include organizational
readiness and policy makers’ willingness
for using data and data-driven methods
for policy making

To create support, it is neccessary to
involve citizens and other stakeholders in 
different phases of the policy cycle

DATA-DRIVEN POLICY



Explore the impact of new data sources and analytics for public 
policy and public services

Support policy makers to make better use of such approaches and 
develop tested methodologies for data-driven policy making

Legal restrictions, such as the GDPR, may require a safe 
environment (‘regulatory sandbox’)

Involve citizens (and other stakeholders) in policy making early on 
(‘co-creation’) 

Investigate the opportunities and challenges that arise for scaling

WHY EXPERIMENT?



1. Identify new data sources and
technologies that impact public policy.

2. Design experiments to test new 
technologies, methodologies and
policy models.

3. Implement and monitor policy; develop
opportunities for scaling. 

POLICY LAB APPROACH



Data on social-emotional skills of 
youngsters may enhance the current
policy model

Develop a hybrid policy model using
theory and data and machine learning
and ‘traditional’ statistics

Multidisciplinary team of data 
scientists, policy makers, legal
advisors and domain experts

YOUTH POLICY 
MUNICIPALITY OF 
ROTTERDAM



Data experiment linking six social challenges to the muniicpal heat 
transition (natural gas free districts)

Analysis of new data sources to municipal information systems and
analysis with machine learning methods

Multidisciplinarity of the project is required to realize collaboration
between different departments within the municipality: social
domain, energy transition team and business intelligence / IT
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ENERGY TRANSITION
MUNICIPALITY OF ZOETERMEER



Joint development of a data processing agreement is important for 
establishing trust 

‘Top management support’ is essential

Sometimes the GDRP remain unclear and may need to refined

Multidisciplinarity is a requirement for useful outcomes

Creating a joint understanding of the data and the model

Data is often created in a different context from where is it applied

Data landscape often grew organically

Interoperability; semantics en contextual understanding are all
necessary for reuse of data 

Application of findings to new data may include biases

HOW TO SCALE?



Explainability of machine learning is a challenge and may require 
new ways of openness

Training the model is dependent on the data available

A hybrid approach may included statistics testing the machine 
learning preditions

In which way governments should become transparent: data, 
algorithm, process?

It is expected that the policy cycle will accelerate

Different policy phases follow up more quickly and new links 
between phases emerge

This also offers opportunities for rapid responses in case of 
undesired outcomes

But new dependencies emerge: data is not always gathered and
processed within the same organization

IMPLICATIONS FOR POLICY
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